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Executive Summary

The Society for Digital Mental Health’s (SDMH) Al in Mental Health initiative convenes
clinicians, researchers, patient organizations, technology developers, and other stakeholders to
examine the use of generative artificial intelligence (GenAl) and large language models (LLMs)
in mental health contexts. During the first phase of this multidisciplinary consultation, SDMH
identified a series of widely held beliefs and misconceptions regarding GenAl and LLMs in
mental health care.

The prevailing assumptions generated through this process provide stakeholders with a shared
foundation for constructive dialogue and evidence-based alignment. This work examines areas
of consensus, highlights misconceptions, and identifies key opportunities for improvement to
support the informed, transparent, and responsible integration of artificial intelligence (Al) into
mental health care.




Background and Purpose

Al is increasingly shaping how individuals seek, access, and experience mental health support.
In parallel with this growth, clinicians, healthcare systems, and policymakers are raising
important questions regarding the safety, effectiveness, and governance of patient-facing
GenAl-enabled tools.

SDMH launched the Al in Mental Health initiative in response to these questions to facilitate
dialogue among researchers, clinicians, patient advocates, technology developers, and
policymakers. First phase discussions resulted in a set of commonly identified beliefs and
misconceptions that were distilled through an evidence-informed lens. These clarify where the
field currently stands and where further research, standards development, and collaboration
are needed.

Grounded in safety, trust, and equity, this work stimulates discussion around evaluating GenAl
in mental health care, without promoting or discouraging specific technologies, to support
informed decision-making, responsible innovation, and patient-centered outcomes.

Defining GenAl, LLMs, and Chatbots in Mental Health

Generative Al refers to systems capable of producing new content, such as text or audio, based
on patterns learned from data. LLMs are a subset of GenAl trained on large-scale datasets to
generate human-like language. Chatbots are user-facing applications that may be powered by
LLMs or by simpler rule-based systems.

It is critical to distinguish between general-purpose LLMs and purpose-built mental health
models. General-purpose systems are optimized for conversational fluency and engagement,
not clinical accuracy or patient safety. Purpose-built mental health LLMs, by contrast, should be
developed using domain-specific data, clinical expertise, and safety-oriented design, with clear
boundaries around appropriate use.

Key Findings: Common Beliefs and Evidence-Based Positions

Through consultation with experts, SDMH identified fifteen widely held beliefs regarding GenAl
and LLMs in mental health care. Each item was evaluated against the current evidence base
and categorized as supported, unsupported, or context dependent.

Several consistent themes emerged:

e LLM conversational confidence does not equate to clinical reliability.

e General-purpose LLMs are not clinically validated and may produce harmful or
misleading guidance.




e Patients and clinicians frequently lack the transparency needed to assess the
safety or appropriateness of Al tools.

e Purpose-built Al systems must meet higher evidence standards given their potential for
widespread, uniform impact.

Conversational Confidence Does Not Equate to Clinical Reliability

LLMs and Al-powered chatbots are designed to generate fluent, coherent, and contextually
appropriate language. As a result, their responses often sound confident, empathetic, and
authoritative. However, conversational fluency should not be mistaken for clinical accuracy or
reliability.

Unlike clinicians, most LLMs are not bound by validated clinical frameworks, do not apply
diagnostic criteria, or are unable to exercise professional judgment informed by training,
licensure, and accountability. Instead, they generate responses based on statistical patterns in
data, without inherent grounding in clinical meaning, patient safety, or therapeutic boundaries.
This distinction is particularly important in mental health contexts, where nuance, uncertainty,
and individualized judgment are central to effective care.

The perceived confidence of Al-generated responses can mask significant limitations. LLMs may
produce information that is incomplete, misleading, or inconsistent with evidence-based
practice while presenting it in a persuasive and reassuring tone. For patients and caregivers,
this can create a false sense of trust, increasing the likelihood that inaccurate or inappropriate
guidance is accepted as clinically sound. For clinicians, it can make it difficult to quickly identify
when an Al-generated recommendation diverges from best practice.

This risk is compounded by the fact that many Al systems do not clearly communicate
uncertainty, cite clinical evidence, or indicate when outputs fall outside validated use cases.
Without transparency into how responses are generated or how closely they align with clinical
data, users may conflate linguistic competence with medical credibility.

In mental health care where inaccurate guidance can reinforce maladaptive behaviors, delay
access to appropriate treatment, or exacerbate distress, the consequences of this mismatch
are nontrivial. For this reason, conversational quality should never be used as a proxy for
clinical reliability. Purpose-built mental health Al systems must be evaluated on the basis of
empirical validation, safety performance, and alignment with evidence-based care standards,
not on how human-like or reassuring their responses appear.




Evidence, Validation, and Accountability

Al tools used in mental health contexts must be supported by rigorous clinical validation and
implementation evidence. Simulated empathy or generalized advice is not a substitute for
evidence-based care. Without controlled evaluation, claims of benefit remain speculative, and
the potential for harm persists.

Purpose-built LLMs should demonstrate consistent performance, safety, and reliability across
diverse patient populations and over time. This expectation aligns with standards applied to
other safety-critical technologies, where systems must demonstrably outperform existing
baselines prior to widespread adoption.

Transparency, Access, and Equity

Patients and clinicians require clear, accessible information regarding which Al products are
evidence-based and which lack essential safeguards. Currently, transparency is inconsistent,
and clinical evidence, when available, is often inaccessible to non-specialist audiences.

GenAl holds potential to expand access to tailored mental health support globally. However,
meaningful personalization requires culturally responsive design, equitable data practices, and
ongoing evaluation to ensure acceptability and effectiveness across populations.

Safety, Privacy, and Regulatory Landscape

Globally adopted safety and privacy standards for Al-driven mental health tools remain
underdeveloped. Many products have historically operated within regulatory gray zones by
positioning themselves as wellness applications rather than clinical tools.

Mental health data are uniquely sensitive, and inadequate transparency regarding data collection,
use, and retention can erode trust and violate confidentiality. Consent-driven design, privacy-by-
default architectures, and post-market surveillance are essential components of responsible
deployment.

Psychological Safety and Ethical Responsibility

Psychological safety requires more than adherence to a minimal “do no harm” principle. Overly
validating or sentiment-mirroring Al responses may inadvertently reinforce maladaptive beliefs or
avoidance behaviors, particularly among vulnerable populations. When Al tools delay help-seeking,
substitute for more effective interventions, or provide a false sense of progress, the indirect costs
to patient outcomes can be as consequential as direct harm.




Purpose-built systems are beginning to incorporate clinician-informed boundaries,
escalation safeguards, and contextual awareness. Nevertheless, these tools must
demonstrate not only safety, but meaningful patient benefit to justify their use.

Impact on Mental Health Care Delivery

Al technologies are unlikely to replace clinicians as the primary providers of mental health care.
However, these tools may play a supportive role in addressing unmet demand and workforce
constraints when appropriately designed and governed. Potential contributions include:

e Providing interim support when traditional services are unavailable
e Reinforcing therapeutic concepts between clinical encounters

e Supporting documentation, triage, and care navigation

e Reducing administrative burden for clinicians

Where Al systems are integrated into care pathways, these benefits depend on clear
escalation protocols and human oversight.

Recommendations and Next Steps

To ensure responsible integration of GenAl and LLMs into mental health care, SDMH recommends
that stakeholders:

e Align incentives toward clinical integrity rather than speed to market
e Require rigorous clinical validation and implementation evidence

e Establish shared safety and transparency standards

e Prioritize privacy protection and informed consent

e Ensure human oversight in clinical and care pathway applications of Al

Collaboration among researchers, clinicians, developers, policymakers, and patient
communities is essential to achieving these goals.

Conclusion

Generative Al and LLMs can play an important role in addressing unmet mental health needs if
developed and deployed responsibly. Clinical rigor, transparency, patient-centered design, and
ethical governance must define success. Without these commitments, Al-driven tools risk creating
unnecessary harm, undermining trust and deepen existing inequities. With them, Al may become a
meaningful complement to high-quality, evidence-based mental health care.
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